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1.1 CONTEXT 

Customer-bank relationship is of critical importance in the bank-marketing industry. Across 

the globe, where banks have been more actively converting their business models in accordance with 

the on-going digital disruptions, customer experience remains the central concern for them 

(Strategy, 2015). While the need for digitized banking services continue to grow in importance, banks 

require a reset of how they react to customer needs and recognize customer-centricity as a means 

of boosting their competitiveness (Kearney, 2014). As an immediate effect of digital technologies, 

the global corporate sector has changed its business models which now comprise more customers 

seeking virtual, electronic and mobile-based service platforms (Watson, 2016). A disaggregation of 

traditional banking took place when banks faced the “anytime, anywhere” challenge which promised 

customers instantaneous banking solutions. This way banks digitized and transformed their service 

channels, models, platforms and customer service mechanisms. In the quest of becoming an 

“everyday” choice for their customers and to redefine customer experiences, the banking industry is 

scaling digital adaptation. This digital IT blueprint means banks should expect uncertainty and must 

be ready to embrace process digitization using smarter, customer-centric strategies (Strategy, 2015). 

In the end, banks must use digital transformation for understanding their customers better in order 

to improve customer experience and engagement. This means that adoption and use of online 

technologies have huge impacts on banks’ relationship-marketing performance and customer-

relationship management (Flohr Nielsen, 2002).  
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1.2 FOCUS OF THE PAPER 

The main argument of this research is that in current times when the development of 

customer-centric, self-service banking channels has become an absolute necessity for most New 

Zealand banks, a clearly-defined digital eco-system is still a challenge. In the presence of a large 

variety of competitive online banking products and services, banks should identify customer needs, 

reflecting personal demographics, to acknowledge customer loyalty and tackle frequent switchers. 

Without adequate knowledge about customer perceptions about the performance of online banking, 

and how a change in their personal characteristics can be an important criterion for banking 

practices, institutions cannot successfully avail themselves of the opportunities of Internet-enabled 

service delivery channels. 

 

1.3 SIGNIFICANCE OF STUDY 

There were a few factors that motivated the research undertaken in this PhD study. Firstly, 

there is a need to inform why and how banks should identify customer needs, reflecting personal 

demographics, to acknowledge customer loyalty and tackle frequent switchers. Prior research 

indicates certain knowledge gaps in the banking field in this regard. Hence, it is important to address 

these gaps and provide a better understanding of the issue. Secondly, there is ambivalence as to 

whether banks should know their customers closely, and whether or not their life transitions, life-

cycles changes and demographics play a role in their use of online banking channels.   

 

1.4 RESEARCH OBJECTIVES, QUESTIONS AND HYPOTHESES 

Following are the objectives of this research: 

RO1: To demonstrate an understanding of customer behaviours in using and/or not using 

online banking in a New Zealand banking environment,  

RO2: To study how customers’ age, gender, income, marital status, employment status and 

education affect their use of online banking related trends (such as frequency and intensity of use).  

These objectives lead to the following research questions for this study, which will be 

answered using empirical evidence. These research questions are further rephrased in a set of 

testable hypotheses for data analysis purpose. Following are the research questions (RQs) and their 

corresponding hypotheses (RHs) for the study: 

RQ1: In what ways have traditional banking customers’ behaviours changed in the online banking 

environment? 
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Prior research identified that accessibility to bank accounts and convenience of online banking 

channel has increased the ease of performing real-time banking transactions. Therefore, it can be 

hypothesised that: 

 

H1: Convenience in performing banking transactions significantly affect customers’ shift from 

traditional to online banking. 

 

The second research question and its corresponding hypotheses are: 

RQ2 (a): How do different personal characteristics (i.e. age, gender and life-stages, education, 

income and occupation) shape customer behavioural indicators in an online banking 

environment? 

RQ2 (b): How do these characteristics interact or combine with each other in affecting customer 

behaviour? 

 

Personal characteristics affect customer behavioural indicators in an online banking 

environment very significantly. According to findings from prior research, the most crucial 

demographic factors that affect the use of online banking are age, gender, life-stages, education, 

income and occupation. Major life-cycle transitions along with education, income and occupation 

are vital factors that influence individual propensities to use and be satisfied with online banking. 

Therefore, it can be hypothesised that: 

 

H2: A banking customer’s age is inversely proportional to the use of online banking; 

H3: A banking customer’s marital status significantly affects the use of online banking; 

H4: A banking customer’s gender significantly affects the use of online banking 

H5: A banking customer’s education is directly proportional to the use of online banking; 

H6: A banking customer’s household income is directly proportional to the use of online banking; 

H7: A banking customer’s employment status significantly affects the use of online banking. 

 

1.5 CONTRIBUTIONS 

I intend to contribute to academic literature by developing a better understanding of 

customers’ adoption of innovative banking technologies. It also aims to result in a better 

understanding about the influences of social environment on customer banking behaviours and will 

help banks evaluate the benefits of a customer-centric view on their work processes. In terms of 

academic contributions, I find it worth-mentioning that my contributions are also intended to revisit 
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and advance the works of my co-supervisor (Dr. Claire Matthews) which she did in 2009 and 2006. 

Her work in 2009 was related with the perceptions of switching cost variations across different life 

cycle stages (Matthews, 2009). She also collaborated with McRae in 2006 to investigate customer 

attitudinal tendencies in banking and its implications on switching (Matthews & MacRae, 2006). So I 

want to revisit these studies and advance them based on the findings of my research. Furthermore, 

I wish to test a Finnish study by Mattila and others in the New Zealand context (Mattila, Karjaluoto, 

& Pento, 2003).  

Mattila researched the perceptions of Finnish mature customers in using Internet banking and 

identified some barriers that result in low rates of usage amongst these customers. I want to study 

if these results are still valid in the New Zealand context. A number of previous researches reviewed 

demographical impacts on technology use. I hope that this paper serves the same purpose in bank 

marketing: as a resource for those seeking to understand customer behaviours based on their 

personal characteristics to use it as a starting point to illuminate the debate on demographic 

outcomes on online banking products and services. 

 

1.6 PRIOR RESEARCH FINDINGS 

Customer behaviour theory emphasizes the understanding of personal characteristics of 

customers and their interactions with each other to determine how they use online banking 

products. Researchers found a direct relationship between how demographic characteristics 

influence customer behaviours in using online banking activities and in making online transactions 

involving monetary resources (Teo, 2001). Household dynamics on consumption patterns are an 

important field in marketing literature because they help identify different needs of individuals in a 

household, and how changes in the family trajectories, for example marriage or divorce, lead to more 

(or less) consumption for meeting those needs (Ngcongo & Mnisi, 2014). Different life transitions4 in 

a household affect its members, and can disrupt the normal life-cycle (Banks, Blundell, Levell, & 

Smith, 2015). Earlier research works by Rogers (2003)  argued that a typical technology-adopter is a 

young individual, has reasonably high income with a good level of education, has a more positive 

opinion about new technology adaptation and is more inclined to explore new ideas than the non-

users. Research by Peacock and Künemund (2007) indicates that people having a partner, higher 

education and belonging to professional occupations and male seniors are most common users of 

the Internet. 

                                                           
4 Typical examples of family transition points include: a couple’s commitment to a relationship (e.g. move in together or 

marry); birth of a child (and subsequent children); child starting primary school and then secondary school; child 
becoming an adolescent; work/study changes; child getting a driver's licence; child leaving home (first and last child 
leaving home in particular); parent/s retiring from work; birth of grandchildren; death of parent/s. 
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Age is a frequently-studied demographic factor that lends important implications for the 

adoption and use of online banking. Röcker and Kaulen (2014) proposed an inverse relationship 

between age and online banking use by arguing that the inclination to use emerging smart banking 

technologies decreases with increasing age. Friemel (2016) pinpointed a distinct grey divide between 

young and senior Internet users and noticed a generational cohort effect that is responsible for less 

usage of online technologies by the seniors. Hong, Trimi, and Kim (2016) argued that despite the 

information divide between the young and the senior citizens, the use of smartphones or Internet-

led technologies among senior citizens largely varies with their experiences with a product and the 

duration of its use. They further proclaimed that if senior citizens continue using smartphones for a 

longer period of time, they will become adept and receptive in using technologies (Hong et al., 2016).  

Males, according to some studies have been less apprehensive in using online business 

activities, and their perceptions of risk in banking through online mediums was less severe than that 

of females (Lichtenstein & Williamson, 2006; Nysveen, Pedersen, & Thorbjørnsen, 2005). Similarly, 

the propensity to use online business activities was found to be less in older age-groups than in 

younger ones. Researchers reporting differences in gender choices for online banking, revealed that 

female customers usually prefer doing online banking at home because they have house-duties and 

busy lives with their children. Hence, use of online banking at work (even when they have part-time 

or full-time jobs outside home) is very uncommon in females (Lichtenstein & Williamson, 2006). This 

brings to an understanding the 24/7 availability and convenience are perhaps, the biggest reasons 

why females would prefer online banking instead of branch banking.  Others studies indicated low 

interest levels in women, as compared to men, in learning about new Internet technologies and 

online banking services (Morahan-Martin, 2000).  

Friedmann and Lowengart (2016) discussed psychological, biological and sociological 

differences in men and woman to contend that men as hunters focus more on cost benefits, while 

women react more to professional service standards such as staff courtesy. In contrast with these 

studies, some researchers argue that gender does not serve as an essential determinant for bank 

marketers in segmenting the online bank markets (Ladhari & Leclerc, 2013). Prior research also 

discussed the role of education in the use of Internet-enabled technologies. According to research, 

education improves the buying behaviours of customers in the online world and helps in informed 

decision-making. It enhances acceptance of new ideas and innovative products and services (Becker 

& Murphy, 2007). Education brings awareness to customers and prepares them against the 

“marketplace’s vagaries” (Ben Oumlil & Williams, 2000). Since education is an important 

demographic variable that increases the quality of personal decision-making regarding a purchase, 

higher level of satisfaction becomes an ultimate reality post-purchase (Nielson & Curry, 1997).    
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Access to financial information tends to vary between low and high-income households 

whereby low-income families are more inclined to learn about online product experiences from their 

friends and thus, their financial information access remains limited  (Braunstein & Welch, 2002; 

Hogarth & Swanson, 1993). This contributes towards poor decision-making abilities with limited set 

of resources available before them. Further research indicates financial literacy to be an important 

indicator of economic well-being in society, and thus, greater attention needs to be paid towards 

this problem (Jacob, Hudson, & Bush, 2000). While the study of household use of online banking in 

comparison with other demographic variables is more effective in creating an understanding about 

individual characteristics such as age, life events, household size and others, there has been 

extensive criticism on its actual viability in customer expenditure and behavioural researches. 

Increasing heterogeneity in personal demographic characteristics and differences in family 

transitions (type, timing and sequence) create further limitations in developing a model of best fit 

that aggregates these heterogeneities. Without considering all possible changes to contemporary 

life stages, appropriate interventions cannot be done using one or two historic models (Wagner & 

Hanna, 1983). 

 

1.7 CONCEPTUAL FRAMEWORK 

As informed by prior researches, the conceptual framework of this research is based on the 

relationship between customers’ personal characteristics (age, gender, income, employment status, 

marital status and education) and the use of online banking, proposed as follows:  

 

Figure 1 Conceptual Framework of the Research 
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The above illustration depicts a likely linkage of each personal characteristic of a bank 

customer with his or her use of online banking. The straight lines connecting each characteristic with 

online banking denotes the relationship which means there is some influence of the two on one 

another.  

 

1.8 RESEARCH DESIGN AND METHODS 

This research is based on a mixed-method approach combining quantitative and qualitative 

methods to collect and analyse data. According to Johnson, Onwuegbuzie, and Turner (2007), “Mixed 

methods research is the type of research in which a researcher or team of researchers combines 

elements of qualitative and quantitative research approaches (e.g., use of qualitative and 

quantitative viewpoints, data collection, analysis, inference techniques) for the broad purposes of 

breadth and depth of understanding and corroboration” (p. 123). This definition sums up why a 

mixed-method approach was used for this study: to combine the advantages of both quantitative 

(survey) and qualitative (interviews) to increase the depth of understanding and enhancing the 

study’s validity, which is nearly impossible using singular approaches in isolation.   

Starting with a focus group discussion for gaining preliminary ideas about questionnaire 

development, the actual data collection for this research comprises an online survey and 

subsequent, qualitative interviews. An online survey in Qualtrics was used to gauge the use and non-

use of online banking in New Zealand customers and how much of this use is derived from 

changes/alterations in their personal characteristics. Subsequent to this, a detailed follow-up 

interview will be conducted with a subset of the survey participants to obtain deeper insights into 

their experiences.  

Data collection is done in 3 distinct ways: firstly, four focus group discussions were 

administered with different online banking customers s(involving Massey University students and 

staff, credit union customers and local people living in Palmerston North, Feilding and Porirua) to 

develop initial themes for survey instrument development. The findings from these focus groups 

were only used to design the online survey, which was the next step in data collection.  

Online surveys are extensively used in social and marketing research due to its advantages 

(cost and time savings, etc.) over traditional survey methods and high-scale Internet penetration. 

Snowball sampling strategy was used in recruiting survey participants, using social media, personal 

contacts and professional networks. Intercept surveying techniques were also used in distributing 

survey postcards to people at shopping malls, on the streets, cafes, morning markets and other 

public places in Palmerston North, Levin, Feilding and Wellington regions for voluntary participation. 
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The targeted sample size was 1067 (estimating the adult New Zealand population size to be 4.5 

million respondents with a 3% margin of error, a 95% confidence level and an estimated response 

rate of 20%)5.  

The third phase of the data collection involves follow-up interviews with survey participants 

who expressed an interest for being interviewed in addition to doing the survey. Judgemental 

sampling technique is being employed to recruit these participants based on their responses and its 

relevance to the research objective. Prior research informs about data saturation in qualitative 

interviews and so, a total number of 25 interviews are aimed for, to avoid risks of missing in-depth 

content and data saturation (Guest, Bunce, & Johnson, 2006).  

In total, there were four focus group discussions conducted with New Zealand’s banking 

customers. The number of focus group was limited to for because according to Guest, Namey, and 

McKenna (2017), almost 90% of the themes for a research topic are discoverable within three to six 

focus groups. The first focus group comprised of staff from Massey University Manawatu campus, 

the second one was targeted at locals from Palmerston North, the third group interview was held 

with staff from New Zealand Credit Union (NZCU) Baywide Porirua branch and the final one with 

NZCU Baywide customers from Hastings branch. A total number of fourteen participants agreed 

and participated in these focus group discussions. Prior research suggests that recruitment of 

about six to nine participants is ideally encouraged for such group-discussions while the minimum 

number should not be below three, with an anticipated no-show rate of 10-20% (Fern, 1982; 

Garrison et al., 1999; Stewart & Shamdasani, 2014).  

 

 Respondent characteristics 

The survey was conducted using random samples of online banking customers of New 

Zealand. A total of 758 responses were collected. Out of these, 575 were considered complete 

usable responses i.e. answered every question in the correct order. The completion rate of the 

survey was (including valid responses only) was 76%. The other 183 were people who either 

withdrew from the survey right in the beginning or partially attempted only a few questions of the 

survey.  

As per the key characteristics shown below, the respondents were disproportionately female 

(67%), which might distort the sample’s representative value. There is a reasonable distribution of 

respondents across the age groups particularly between 20-29 years, 30-39 years and 40-64 years. 

28% of the respondents had a Bachelor’s degree as their most recent qualification while 44% of 

                                                           
5 The sample size was calculated using an online representative sample size calculator on 
https://www.checkmarket.com/sample-size-calculator/ 
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them were paid, part-time employees. A large majority of these respondents were either married, 

living with a partner or in civil union. Marital status was only presented to online banking users, 

and was not available for non-users. The demographic profile of the respondents is shown in the 

table below: 

  Frequency Percent Valid Percent NZ Comparatives (%) 
AGE6 

15-19 years 24 3.20% 4.00% 
  

41.1% 
20-29 136 17.90% 22.50% 

30-39 152 20.10% 25.10% 

40 to 64 years 234 30.90% 38.70%  41.2% 

65+ years 59 7.80% 9.80% 17.7%  

Total 605 79.80% 100.00% 100.0% 

Missing values 153 20.20%     

  758 100.00%    

GENDER 

Male 189 24.90% 31.20% 48.9 % 

Female 405 53.40% 66.90%  51.1% 

Prefer not to answer 8 1.10% 1.30%   

Prefer to self-describe 3 0.40% 0.50%   

Total 605 79.80% 100.00% 100.0%  

Missing values 153 20.20%     

  758 100.00%     

EDUCATION 

High school completion or equivalent 98 12.90% 16.20%  42.9% 

Certificate/Diploma/Trade Qualification 117 15.40% 19.30% 10.0%  

Bachelor’s degree 168 22.20% 27.80%  16.3% 

Master’s degree 135 17.80% 22.30% 6.9%  

Doctorate 66 8.70% 10.90%  0.9% 

Others 21 2.80% 3.50%  23.1%7 

Total 605 79.80% 100%  100.0% 

Missing values 153 20.20%     

  758 100.00%     

EMPLOYMENT STATUS 

Student 121 16.00% 20.0% 15.0% 

Paid part-time employment 66 8.70% 10.90%  21.4% 

Paid full-time employment 267 35.20% 44.10% 48.0% 

Self-employed 64 8.40% 10.60% 9.3% 

Retired 38 5% 6.30% 2.7%8 

Not currently in paid employment 49 6.50% 8.10%  7.1% 

Total 605 79.80% 100%  103.5%9 

Missing values 153 20.20%     

  758 100%     

HOUSEHOLD INCOME 

$40,000 or less 148 19.50% 24.50% 39.8%  

$ 40,001 - $70,000 121 16.00% 20.00%  14.6% 

$ 70,001 - $100,000 104 13.70% 17.20%  18.0% 

$100,001 or more 151 19.90% 25.00% 27.6% 

Prefer not answer 81 10.70% 13.40%  

Total 605 79.80% 100.00%  100.0% 

Missing values 153 20.20%     

  758 100.00%      

MARITAL STATUS 

Never married 188 24.80% 29.00%  24.8% 

Now married/civil union/living with a partner 393 51.80% 60.60%  62.6% 

Divorced / Separated 51 6.70% 7.90% 7.7% 

Widowed 17 2.20% 2.60% 4.9% 

Total 649 85.60% 100.00% 100.0% 

Missing values 109 14.40%     

  758 100.00%     

Table 1: Demographic profile of survey respondents 

One the basis of the respondent characteristics and frequencies given above, the average 

demographic profile of our survey respondent is a married female aged 40 to 64 years, with a 

                                                           
6 Source: http://archive.stats.govt.nz/browse_for_stats/population/estimates_and_projections/NationalPopulationEstimates_HOTPAt30Jun14.aspx 
7 This percentage includes people with no qualification (approx. 21% in 2013) and overseas secondary school qualification.  
8 Only includes people on super., pensions, and annuities. 
9 NZ comparatives for employment status do not make up 100% as some people could be studying and working at the same time, or held both full-time and part-time jobs.  
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Bachelor’s qualification as her highest education and full-time employed with an annual household 

income of $100,001 or more.  

 

1.9  ETHICAL ISSUES AND LIMITATIONS 

This research is obliged to comply with the Code of Ethical Conduct for Research, Teaching and 

Evaluations involving Human Participants10 (Massey University), which provides a comprehensive 

guideline in consistency with the Section 161 of the Education Act 1989 to ensure researchers’ 

adherence to appropriate ethical processes throughout the research journey. Before starting the 

data collection plan, I obtained an approval from the committee for subsequent data collection and 

analysis following a complete disclosure of the research plan and its possible ethical requirements.  

The moral acceptability of research is necessary for establishing reasonable awareness of 

ethical considerations in its conduct. Some of the most common ethical dilemmas in academic 

research include informed consent, confidentiality issue, non-discrimination, respondent integrity, 

honesty and anonymity (Otieno-Omutoko, 2012). Before conducting web surveys and subsequent 

interviews with the participants, it is essential to seek informed consent from them regarding their 

rights of participating in, or withdrawing from the study at any stage (Gregory, 2003; Hudson, Seah, 

Hite, & Haab, 2004). Another ethical consideration can be to protect respondents’ anonymity and 

confidentiality. Most of the interview participants would not like to be named and mentioned for 

their personal perceptions and beliefs, and hence, this is an important ethical aspect to maintain 

their anonymity while using their inputs in analysing data for this research work (Gregory, 2003).  

Issues of self-selection bias (Hudson et al., 2004) are also likely to be ethical hazards as not discussing 

non-users of Internet in detail, may reflect a deliberate selection of online banking customers who 

may support this as a facility.  

As far as the limitations are concerned, this research is conducted in only one country i.e. New 

Zealand. The generalizability of the study is also limited since its applicability beyond the country on 

a wider scale, is questionable. In marketing realms, the opinions, judgements and preferences of 

customers differ from each other. However, it serves as a starting point for more international 

research on the effects of consumer demographics on online banking in different countries. Cultural 

and language barrier is another potential issue that the researcher is aware of. Since this research is 

being undertaken by an international student, difficulty in understanding key cultural context in New 

Zealand and linguistic issues can arise at varying stages. Moreover, quality of the research can also 

be impacted by limited resource availability such as time and finances. Due to budgetary constraints, 

                                                           
10 Available at: http://www.massey.ac.nz/massey/research/research-ethics/human-ethics/code-ethical-
conduct.cfm 
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the researcher was not be able to travel extensively to gather different opinions and the analysis of 

survey findings using different high-end or expensive models is difficult to achieve.  

 

 

1.10 RESULTS 

Preliminary data analysis is performed in SPSS, using descriptives frequencies and cross-

tabulation functions which displays the joint distribution of data obtained from multiple sources and 

represent it in the form of contingency table or matrix (De Vaus, 2013).  

The purpose of cross tabulation is the same as logit regression: to study the effects or 

relationship between two variables. Within the cross-tabulated data, chi-square test of association 

can be run using SPSS software to see the extent of causal relationship between two variables (De 

Vaus, 2013). For my categorical, independent personal characteristics groups (income, education, 

gender, age, life-stages and occupation), cross-tabulation specifies a better model choice for testing 

statistically significant causal relationship. For this research, a reasonable choice for data analysis can 

be through logit regression followed by more detailed analytical findings using series of cross-

tabulations.  

Since there are different types of questions in the online survey, they are analysed using 

different methods. For some qualifying or screening questions such as Q1: When was the last time 

you visited bank branch, or Q6: Do you use online banking, simple frequencies and cross-tabulations 

were performed through SPSS. According to Malhotra (2019), the value of basic analytical methods 

(including frequency distributions, cross tabulation and hypotheses testing) are invaluable in laying 

the foundation for more sophisticated and advanced statistical tests/procedures. For marketing 

researchers, results from frequency distribution can yield important insights on the basis of which, 

important characteristics about consumer behaviours, usage patterns and trends can be obtained.  

 

 Online Survey results 

This section is based on informing results obtained from online survey analysis by 

administering a comprehensive online questionnaire. Questionnaire was pre-tested to confirm its 

construct and content validity. The data has been analysed using statistical analysis in order to 

arrive at the results and test hypotheses that were discussed in chapter 3 of this research. Out of 

758 bank customers, 693 were online banking users while 15 of them were non-users. The other 50 

did not attempt the question that asked about their online banking usage.  
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The profile of respondents: 

Category   

Number of 

Respondents  

N Percentages 

Age       

  15-19 years 24 3.20% 

  20-29 136 18% 

  30-39 152 20% 

  40 to 64 years 234 31% 

  65+ years 59 8% 

Gender       

  Male 189.0 25% 

  Female 405.0 53.40% 

  Prefer not to answer 8.0 1% 

  Prefer to self-describe 3.0 0.40% 

Education       

  

High school completion 

or equivalent 98.0 13% 

  

Certificate/Diploma/Trade 

Qualification 117.0 15.40% 

  Bachelor’s degree 168.0 22.20% 

  Master’s degree 135.0 18% 

  Doctorate 66.0 8.70% 

  Others 21.0 3% 

Marital Status11       

  Never married 188.0 25% 

  

Now married/in civil 

union or living with a 

partner 393.0 52% 

  Divorced / Separated 17.0 2.20% 

  Widowed 51.0 6.70% 

Employment Status       

  Student 121.0 16% 

                                                           
11 Marital status total figures does not match others (i.e. 605) due to Listwise deletion of 109 missing cases 
including those who were non-users. This demographic variable was presented only to online banking users 
in the survey. 
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Paid part-time 

employment 66.0 8.70% 

  

Paid full-time 

employment 267.0 35% 

  Self-employed 64.0 8.40% 

  Retired 38.0 5% 

  

Not currently in paid 

employment 49.0 6.50% 

Household Income       

  $40,000 or less 148.0 20% 

  $ 40,001 - $70,000 121.0 16% 

  $ 70,001 - $100,000 104.0 13.70% 

  $100,001 or more 151.0 20% 

  Prefer not answer 81.0 10.70% 

 

 

 Cross tabulations 

A useful starting point is to obtain and discuss information about bivariate relationships 

between variables. This is done through performing cross-tabulations in SPSS which is a tool to 

compare the relationship between two variables. The following section reports important findings 

from cross tabulations, and indicates how it facilitates a comparison between the studied variables:  

 

Do you use online banking?  

Q6 of the survey (Do you use online banking?) differentiated between online banking users 

and non-users. According to the frequency tables shown in appendix, out of 708 respondents who 

attempted the question, 15 recognized as non-users. This means that 91.4% of the total sample 

size comprised of online banking users. Using the sample data, the appendix -----insert appendix 

number here--- presents the crosstab.  
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Figure 1: Bar chart indicating percentage-wise survey responses to "Do you use online banking?" 

 

Most respondents who recognized either as users (96.2%) or non-users (3.8%) belonged to 

the age groups of 40-64 years. In the age categories of 29 years and below, there were no online 

banking non-users. The number of online banking users was disproportionately females; most 

users either had bachelor’s degree or masters as their highest level of completed education. A 

disproportionally-high number of respondents were engaged in full-time employment. Relatively 

larger number of online banking users had between $100,001 and more as their annual household 

income. 26% respondents did not prefer answering about their annual household income. Out of 

the 649 respondents who attempted the question on marital status, 393 (60.5%) reported to have 

been married, or living with a partner or in civil union.  

Demographic differences in online banking use 

  Number (proportion) of 

Demographic variable 
Users  

(%) 

Non-users  

(%) 

Age     

15-19 years 24 (100) 0 

20-29 136 (100) 0 

30-39 149 (98) 3 (2) 

40-64 225 (96.2) 9 (3.8) 

65+ years 58 (98.3) 1 (1.7) 

Gender     

Male 185 (97.9) 4 (2.1) 

Female 397 (98) 8 (2) 

Prefer not answer 7 (87.5) 1 (12.5) 
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Prefer to self-describe 3 (100) 0 

Education     

High School 95 (96.9) 3(3.1) 

Cert/Diploma/Trade Qual. 114(97.4) 3(2.6) 

Bachelor's degree 166(98.8) 2(1.2) 

Master's degree 132(97.8) 3(2.2) 

Doctorate 65(98.5) 1(1.5) 

Others 20(95.2) 1(4.8) 

Employment status     

Student 121 (100) 0 

Paid part-time 65(98.5) 1 (1.5) 

Paid full-time 261(97.8) 6(2.2) 

Self-employed 62(96.9) 2(3.1) 

Retired 36(94.7) 2(5.3) 

Not currently in paid 

employment 47(95.9) 2(4.1) 

Household income     

40,000 or less 144(97.3) 4(2.7) 

40,001-70,000 119(98.3) 2(1.7) 

70,001-100,000 101(100) 0 

100,001 or more 147(97.4) 4(2.6) 

Prefer not answer 78(96.3) 3(3.7) 

 

Figure 2 Demographic differences in online banking usage 

 

Last time they visited bank branch 

The first question of the survey asked them about the last time they visited a bank branch 

and provided a few options to choose from. Overall results showed that married people visited 

bank branch many more times than those with any other marital status. This may imply that more 

married than unmarried people would require personalized banking offered at a physical locality 

(i.e. bank branch). Age groups of frequent branch visitors was found to be between 30 and 64 

years, and more of these were females (67%). 26% of the total population who last visited a branch 

more than a month ago but not more than six months ago had an annual household income of 
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$100,001 or more. This means that higher the income, the more the chances to visit a branch. This 

may also imply the need for face-to-face interactions with bank staff for people who earn higher 

household income (and thus, may have greater financial needs). The following table presents the 

cross tabulated findings of the last time respondents visited a bank branch and their personal 

characteristics:  

 

 

When was the last time you went to a bank 

branch? 

 

 

 

 

Total 

Within 

the 

last 

month 

More 

than a 

month 

ago but 

not 

more 

than 6 

months 

ago 

More 

than 6 

months 

but not 

more 

than 

one 

year 

ago 

More 

than 

one 

year 

ago 

Do not 

remember 

A
g

e
 

15-19 years 9 8 5 1 1 24 

20-29 38 64 19 10 5 136 

30-39 47 52 33 18 2 152 

40 to 64 years 88 83 33 21 9 234 

65+ years 26 17 6 8 2 59 

        

E
d

u
c

a
ti

o
n

 

Bachelor’s degree 57 62 25 18 6 168 

Certificate/Diploma/Trade 

Qualification 

46 40 19 11 1 117 

Doctorate 22 22 15 5 2 66 

High school completion 

or equivalent 

38 36 12 9 3 98 

Master’s degree 38 58 22 13 4 135 

Others (please specify): 7 6 3 2 3 21 

        

E
m

p
lo

y
m

e
n

t 

S
ta

tu
s
 

Not currently in paid 

employment 

14 13 10 10 2 49 

Paid full-time 

employment 

78 104 46 30 9 267 
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Paid part-time 

employment 

24 23 11 6 2 66 

Retired 18 9 5 4 2 38 

Self-employed 30 27 4 2 1 64 

Student 44 48 20 6 3 121 

       

G
e

n
d

e
r 

Female 139 148 62 41 15 405 

Male 65 72 33 16 3 189 

Prefer not to answer 4 4 0 0 0 8 

Prefer to self-describe 0 0 1 1 1 3 

 

 

      

 H
o

u
s

e
h

o
ld

 I
n

c
o

m
e
 

 

$ 40,001 - $70,000 

38 54 19 8 2 121 

$ 70,001 - $100,000 38 36 17 12 1 104 

$100,001 or more 46 59 23 18 5 151 

$40,000 or less 60 46 24 11 7 148 

Prefer not answer 26 29 13 9 4 81 

 

 

      

M
a

ri
ta

l 
s
ta

tu
s
 

Divorced / Separated 21 14 8 5 3 51 

Never married 52 81 37 11 7 188 

Now married or in civil 

union or living with a 

partner 

141 143 58 43 8 393 

Widowed 7 5 1 2 2 17 

 

Figure 3: Cross tabulations: When was the last time you went to a bank branch? 

 

Length of use 

   A question in the survey asked the respondents for how long they are using online banking 

services. It was not surprising to see a relatively lesser number of people (9.7%) were ‘new’ users of 

online banking i.e. have been using it for less than 2 years. Amongst respondents who have been 

using online banking for more than 10 years, a large majority were 40 to 64 years old (56%). 73% 

females have been using online banking for more than 2 years but less than 10 years while 61% 
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reported using it for more than 10 years, which implies females of the sample were experienced 

users. The following table presents the cross tabulated findings of length of use with the personal 

characteristics of the respondents:  

 

  

How long have you been using online 

banking services? 

Total 
Not 

more 

than 2 

years 

More 

than 2 

years but 

less than 

10 years 

More 

than 10 

years 

Do not 

remember 

A
g

e
  

15-19 years 10 12 0 2 24 

20-29 17 100 16 3 136 

30-39 18 74 53 4 149 

40 to 64 years 10 76 126 13 225 

65+ years 3 24 29 2 58 

              

G
e

n
d

e
r 

Male 24 72 85 4 185 

Female 32 209 136 20 397 

Prefer not to answer 2 3 2 0 7 

Prefer to self-describe 0 2 1 0 3 

              

E
d

u
c
a

ti
o
n
 

High school completion 

or equivalent 
14 51 26 4 95 

Certificate/Diploma/ 

Trade Qualification 
6 52 47 9 114 

Bachelor’s degree 18 77 63 8 166 

Master’s degree 18 59 54 1 132 

Doctorate 2 38 25 0 65 

Others (please specify): 0 9 9 2 20 

              

E
m

p
lo

y
m

e
n
t 

s
ta

tu
s
 

Student 30 66 24 1 121 

Paid part-time  5 36 21 3 65 

Paid full-time  10 128 116 7 261 

Self-employed 3 19 34 6 62 

Retired 2 13 19 2 36 
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Not currently in paid 

employment 
8 24 10 5 47 

              

A
n

n
u

a
l 
H

o
u
s
e

h
o

ld
 

In
c
o
m

e
 

$40,000 or less 27 80 32 5 144 

$ 40,001 - $70,000 7 58 47 7 119 

$ 70,001 - $100,000 4 62 38 0 104 

$100,001 or more 2 50 88 7 147 

Prefer not answer 18 36 19 5 78 

    

M
a

ri
ta

l 
s
ta

tu
s
 

Never married 28 123 33 4 188 

Now married or in civil 

union or living with a 

partner 

29 171 174 19 393 

Divorced / Separated 2 5 10 0 17 

Widowed 1 20 29 1 51 

  

Figure 4: Cross tabulations: How long have you been using online banking services? 

 

Reasons behind branch banking 

Another question in the survey asked respondents about the main reasons for which they go 

to branch banking. Unsurprisingly, most people who go to branches for banking belonged to age 

groups of 30 to 64 years (as shown in the appendix). The four most frequently-chosen reasons of 

branch banking were depositing cash and cheques, dealing with foreign currency and opening new 

accounts. Within these four reasons, people from 40 to 64 years of age groups used branch banking 

mostly for deposits and foreign currency. Depositing cash and foreign currency management were 

two of the most popular reasons why males and females used branch banking. In terms of 

employment, the same was disproportionally dominated by paid full-time employees (44%) who 

mainly used online banking for making deposits and dealing with foreign currency along with other 

services. Very few respondents from “retired” or “not currently in paid employment” categories 

reported using branch banking for different purposes.  

Respondents belonging to annual income range of $100,001 or more used branch networks 

for greater number of purposes than others. This was dominated mainly by foreign currency 

dealing, depositing cash and obtaining home loan advice, information or application. People 

earning $40,000 or less reported using branching for deposits, new account opening, ordering new 

cards and dealing with foreign currency. Most respondents who took the survey were either 
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married, lived in civil union or with a partner. The most frequent reasons of doing branch banking 

for this segment was reported in depositing cash (26%), dealing with foreign currency (23.4%) and 

depositing cheques (21%). They also formed the biggest group (70%) out of respondents who used 

branch banking for home loan advice, information or application.  

 

 Results from linear regression 

We use linear regression modelling to test the associations between age, gender, marital 

status, education, employment status, household income and use of online banking, and the 

interactions between them. A stepwise linear regression was conducted using the backward 

elimination (BE) method. As discussed in the last chapter, the use of stepwise method produces a 

subset of regression model indicating only the variables that produces the most statistically-

significant output.  

The analysis suggests that only age (β = - 0.192, p<0.0005) and marital status (β = 0.138, p= 

0.034) statistically significantly affects customers’ predicted need for personal interaction at a bank 

branch. However, the relationship between age and predict need for personal interactions is 

statistically negative which means younger customers would prefer less interactions with bank staff 

as compared with older people. The methods serves to remove the other variables gender (p= 

0.299), education (p= 0.760), employment status (p= 0.073), and household income (p= 0.112). 

However, the age coefficient (β = - 0.192) suggests that the older a banking customer is, the lesser 

the predicted need for personal interactions through a bank. Marital status, on the other hand, is a 

significantly positive predictor of the need for personal interactions at bank branch, as per the 

regression output (See appendix for complete results). A low coefficient of determination, R2 (2.2%) 

indicates that the explanatory power of predictor (independent) variable (age and marital status in 

this case) is weak (Cohen, 1988). According to Schroeder, Sjoquist, and Stephan (2016), “R2,  the 

coefficient of multiple determination, measures the percentage of the variation in the dependent 

variable which is explained by variations in the independent variables taken together” (Schroeder 

et al., 2016, p. 33). Figueiredo Filho, Júnior, and Rocha (2011) notes that even with a low R-squared 

value, low p-value still indicates a real relationship between the independent and dependent 

variables. Additionally, Kennedy (2003) states that R2 cannot be treated as the ultimate model 

quality determinant, and that it cannot be used to compare different samples either.  

Results from regression analysis reveals that age and marital status is also likely to influence 

customers’ predicted frequency of using online banking in ways different than their children. 

However, marital status appears to be a negative contributor (β = -0.389) in explaining differences 

in frequency between customers and their children. The analysis suggests that age (β =0.345, p < 
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0.0005) is a dominant factor that statistically significantly affects customers’ interest in finding out 

and learning new apps (and banking solutions). It also indicates that the older a person is, the more 

likely he or she is to keep cash most days of the week (β =0.474, p<0.0005); however, a value of 

adjusted R2 is 4.2% indicates a small effect size as per Sawilowsky (2009). Another variable that 

appears to marginally-negatively influence customers’ propensity to keep cash is gender (β = -

0.483, p= 0.022). This shows that gender difference impact customers’ likelihood of keeping cash, 

and that more young than old customers are less likely to deal in cash for routine transactions (F (2, 

589) = 13.84, p< 0.0005). The following table summarizes key findings from linear regression 

analysis indicating which variables have or have not affected factors relating with online banking 

use.  

Another survey question relates to the differences in the reasons of online banking use 

between customers and their children. The results suggest that age statistically positively affects (β 

= 0.760, p<0.0005) predicted differences in the customers’ reasons for using online banking to that 

of their children. However, as per the model summary of the regression analysis, it explains only 

8.4% of the variation in the model showing small size effect (Cohen, 1988). Another survey 

question asked for how long customers have been using online banking services. Analysis of the 

response set indicate that age statistically positive affected predict length of time that the 

customers have been using online banking for (β =0.224, p<0.0005). Another predictor variable 

that can predict possible length of time is household income (β =0.039, p= 0.046). However, a p-

value of 0.046 indicates only marginal significance; a 12.2% value of R2 shows that the model can 

explain 12.2% of variation between the independent predictor variables and the dependent 

variables. The results further indicate that gender (p= 0.064), education (p= 0.792), employment 

status (p=0.78), household income (p=0.324) and marital status (p= 0.317) do not affect differences 

in the reasons of online banking use.  

A linear regression analysis is run to understand the effect of age, gender, education, 

income, employment and marital status (i.e. independent variables) on last branch visit (taken as 

dependent variable). In this case, stepwise regression do not present any output in SPSS because of 

the non-significance of most predictor variables, with only education at the edge of significance (p= 

0.034). Other demographic variables were non-significant, and there have no effect on customers’ 

last bank branch visit. The role of education, as a predictor, also negatively contributes to when 

customers are mostly likely to use online banking. The value of R2 of the model indicates only 

explains 0.7% of variation in the model, which is a very small size effect as per Sawilowsky (2009) 

(Sawilowsky, 2009). A summary of the regression analysis is given below: 
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Factors 
Affecting Variable 

(Dimension) 

(Unstandardized) 

β 
S.E. Sig. 

Value for personal interaction offered 

by bank branch 
Age -0.192 0.049 0.000 

Likelihood of dealing in cash most 

days of the week 

Age 

Gender 

0.474 

- 0.483 

0.103 

0.210 

0.000 

0.022 

The length of time they have been 

using online banking 

Age 

Household income 

0.224 

0.039 

0.026 

0.020 

0.000 

0.046 

Difference in frequency of use 

between customers and their children  

Age  

Marital status 

0.834 

-0.389 

0.121 

0.160 

0.000 

0.016 

Differences in reasons of using OB Age 0.76 0.142 0.000 

Willingness to learn about new stuff 

Age 

Gender 

Household income 

0.345 

0.552 

- 0.116 

0.064 

0.128 

0.048 

0.000 

0.000 

0.015 

Figure 5 Main results from stepwise regression modelling 

 

 Reliability and Validity 

For this study, a comprehensive set of variables, based on different perceptions and 

attitudes of the customers about online banking, was compiled which was majorly based on prior 

research insights and themes developed from focus groups. A set of 56 items indicating customers’ 

perceptions about online banking was developed. Through the research, it was found that majority 

of the respondents (575 respondents) preferred using online banking experiencing its benefits. The 

perceptions of such customers were measured on a 5-point Likert scale from 5 to 1 depending on 

the importance of each variable in their use of or preference for online banking (5 for strongly 

disagree, 4 for disagree, 3 for neither agree nor disagree, 2 for agree and 1 for strongly agree). All 

variables were coded likewise. According to Pett, Lackey, and Sullivan (2003, p. 16), “Likert scales 

are composed of a number of positively or negatively worded declarative sentences followed by 

response options that indicate the extent to which the respondent agrees or disagrees with the 

statement”.  

To obtain reflective constructs, we first performed principal components analysis (PCA, 

hereafter) to determine the factorial convergent validity. The purpose of PCA is to reduce the 

dimensionality of a large number of interrelated variables in the data set while retaining underlying 

variations (Jolliffe, 2011). Another objective behind doing PCA is to reduce complex 

interrelationships to a relatively simpler linear expression to be used in further analysis such as 
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multiple regression. The suitability of PCA was assessed prior to analysis. Inspection of the 

correlation matrix showed that all variables had at least one correlation coefficient greater than 

0.3.  

We measured the constructs with multiple response items using the 5-point Likert scales 

(questions 15, 16 and 17). In total, these three questions had 56 statements with responses ranging 

from strongly agree (1) to strongly disagree (5), to determine banking consumers’ attitudes or 

feelings against each statement. Each of these 56 Likert-scale statements measured effects of 

personal characteristics and perceptions on the use of online banking for a sample size of 758 

online banking customers of New Zealand.  

PCA is only suitable if the Bartlett’s test of sphericity is passed. The Kaiser-Meyer-Olkin 

(KMO) measure of sampling adequacy is 0.739, which is significant at 0.000 level, with individual 

KMO measures all greater than 0.5 classifications of 'middling' to 'meritorious' according to Kaiser 

(1974). This indicates that the data set was suitable for a PCA-based analysis.  Bartlett's test of 

sphericity is statistically significant (95% or p < .0005), indicated that the data was likely 

factorizable and that the variables are uncorrelated.  

Table 1 Kaiser-Meyer-Olkin (KMO) measure of sampling adequacy and Bartlett's test of sphericity 

KMO and Bartlett's Test 

Kaiser-Meyer-Olkin Measure of 

Sampling Adequacy. 
0.739 

Bartlett's Test of 

Sphericity 

Approx. Chi-

Square 
2195.064 

df 190 

Sig. 0 

 

PCA analysis initially revealed six components that had eigenvalues greater than 1, and which 

explained 17.5%, 11.7%, 9.5%, 8.00 &, 5.5%, and 5.2% of the total variance respectively. Visual 

inspection of the scree plot recommended 5 components to be retained (Cattell, 1966). The scree 

plot with inflection point illustrates another criteria used to determine the number of components 

to retain for rotation and interpretation. According to the scree point shown below, the total 

number of components to be retained is 4. 5th component is the inflection point after which the 

curve starts to level off.  
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Table 2 Scree plot showing inflection point at component 5. 

 

In addition, a five-component solution met the interpretability criterion. The 5-component 

solution explained 52.2% of the total variance of variables in factor analysis. A Varimax orthogonal 

rotation was employed to aid interpretability. The rotated solution showed the 'simple structure' 

(Thurstone, 1947). Conceptual interpretability of the scales were also considered in the factor-

retention criterion. A factor or component was only retained if “they can interpret it in a 

meaningful way no matter how solid the evidence for its retention based on the empirical criteria” 

(Worthington & Whittaker, 2006, p. 822). Component loadings and communalities of the rotated 

solution (without suppressed coefficients) for our results is illustrated in table 1. Higher values of 

communalities (highlighted in blue for easy readability) indicate how well these variables are 

predicted by the retained factors: 
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Table 3: Factor structure for variables as customers’ perceptions about experiences of online banking services 

 

Rotated structure matrix for PCA with Varimax Rotation of a Five-Component Questionnaire 

 

Items 

 

Rotated Component Coefficients (Factors) 

 

Compon

ent 1 

 

 

Compo

nent 2 

 

 

Compo

nent 3 

 

 

Compo

nent 4 

 

 

Compo

nent 5 

 

 

Commun

alities 

 

 

I hesitate in learning about online banking apps 0.786 -0.115 0.111 0.160 -0.100 0.682 

Physical deficiencies faced by people over 65 years of age can serve as an impetus 

for them to learn how to use online banking 

0.762 0.105 0.049 -0.060 0.043 0.608 

I am usually distressed when I face difficulty in learning how to use online banking 0.733 0.031 0.157 0.137 0.071 0.586 

I do not use online banking because I do not have the latest smart devices to use it 

on 

0.720 -0.049 0.105 -0.076 0.189 0.596 

I am less willing to learn about online banking than people younger than me 0.638 -0.028 -0.004 0.311 -0.106 0.537 

I check available funds before deciding to spend my money 0.061 0.744 -0.076 -0.070 0.003 0.594 

I am now more aware of my fund flows (in and out) with the use of online banking 

features 

-0.131 0.639 0.011 -0.052 0.189 0.469 
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Knowing how much money I have, means that I spend less -0.031 0.638 0.091 -0.044 -0.105 0.437 

My use of online banking is influenced by current funds available 0.090 0.636 0.022 0.190 -0.048 0.453 

My use of online banking is influenced by past consumption patterns and 

experiences 

-0.014 0.504 0.056 0.214 0.147 0.338 

I enjoy spending time talking to bank staff at the branch office 0.262 -0.069 0.735 0.001 0.045 0.640 

I think branch banking is a good way for people to interact with bank staff and 

develop relationships 

-0.103 0.084 0.733 0.130 0.076 0.588 

I like the personal customer services obtained at the branch 0.110 0.064 0.696 -0.015 0.021 0.725 

I keep traditional business cards of bank staff to be able to make contact when 

necessary 

0.335 0.060 0.559 -0.154 -0.072 0.471 

My age affects how I learn and use online banking 0.164 0.084 -0.043 0.764 0.032 0.638 

I am more willing to learn about online banking than people older than me 0.025 0.083 0.018 0.679 0.225 0.527 

People aged 65 or older do not use online banking extensively because they don’t 

know how to use it 

0.093 -0.005 0.047 0.667 0.048 0.556 

My use of online banking has increased since I bought a smartphone -0.098 0.091 -0.044 0.203 0.776 0.676 

There have been  changes in my use of online banking since I upgraded my 

phone/tablet 

0.182 0.015 0.107 0.070 0.767 0.638 

Extraction Method: Principal Component Analysis.  

 Rotation Method: Varimax with Kaiser Normalization. 
 

a. Rotation converged in 5 iterations. 
 

 

  



For further analysis, only components with at least 3 corresponding variables can be 

included. According to Hair et al. (2010, p.676), each construct must have at least 3 variables and 

above to provide “minimum coverage of the construct's theoretical domain.” If a construct at PCA 

stage has only one item, as it can no longer be considered as latent variable (construct), but an 

observed variable. In this case, the first 4 components are retained because each of them contains 

three or more items, while component 5 is excluded because it had only two items on it.  

 

 Reflective constructs – a discussion 

Through the above-mentioned process, four factors were extracted and named as 

follows, to define their categories based on the conceptual interpretability of each corresponding 

item or statement. Each of these factors are described as follows:  

F1: online banking barriers- barriers to online banking constitute one of the explanatory 

variables that tells us why customers’ attitudes towards using online banking may vary. Barriers to 

online banking mainly depends on learning willingness and hesitations, physical deficiencies as well 

as hardware requirements that can restrict an individual’s capability to fully utilize online banking 

services. There can be some operational limitations and learning barriers that can affect customers’ 

adoption and use of online banking services.  

F2: budget awareness- the second factor for customers’ use of online banking was found to 

be related with budget awareness. Budget awareness is all about knowing how much money one 

have in their account, and then making informed decisions based either on available funds or on 

past consumption experiences. Customers want to be mindful of the funds that can spend, and 

online banking is the most effective and convenient medium of keeping a check on cash flows and 

account balance.  

F3: personal interactions- the importance of human contact in banking relationship is 

invaluable; there are customer segments who prefer customer experience at a bank branch 

associated with familiar bank staff and working with people they know. For transactions involving 

greater risks and investment decisions, customers prefer interacting with branch staff. This level of 

interaction plays a vital role in strengthening customer-bank relationship.  

F4: age-related attitudes- Age has a considerable role to play in influencing customers’ 

opinions and experiences of online banking. Individuals’ propensity to use online banking 

technologies decreases with increasing age, hence there is an inverse relationship between the two 

(Röcker & Kaulen, 2014). With an increasing age, customers’ attitudes towards learning smart 

technology use declines, coupled with age-induced physical deficiencies and other issues (such as 

loss of memory etc.). This is also a considerably important factor to be studied.   
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The next step was to test the internal consistency of each scale (i.e. a group of different 

statements that measure a single underlying construct), for which Cronbach alpha is a frequently-

used reliability measure. It is a coefficient that determines how well a group of items focuses on a 

single construct or idea (Cronbach, 1951). Cronbach alpha is used along with the variables 

determined through a principal component analysis to check the reliability of those variables (i.e. 

statements or questions) in measuring a single construct (i.e. component).  

According to George and Mallery (2003), the value of Cronbach alpha must lie between 6 

(Questionable) to 7 (Acceptable) (p. 231). Few others supported values of 0.60 and above to be 

acceptable in empirical research fields (DeVillis, 2003; Hair, Anderson, Tatham & Black, 2006; Kline, 

2005). On the contrary, Nunally and Bernstein (1994) argued that higher composite reliability 

values are deemed acceptable for exploratory research, although Grau (2007) discussed how a 

higher value of alpha does not imply unidimensionality. A low value of alpha can be attributed to 

low number of questions, poor inter-relatedness between items or heterogeneous constructs 

(Nunally & Bernstein, 1994). Cronbach's alpha is sensitive to the number of items in the scale and 

generally tends to underestimate the internal consistency reliability (Tavakol & Dennick, 2011).  

Literature supports the use of internal-consistency reliability (using Cronbach alpha) in 

conjunction with PCA. For our data, a reliability test procedure was run in SPSS to obtain Cronbach 

alpha values for each of the retained components, as given in the table below:  

 

Table 4 Reliability testing using Cronbach alpha 

Reliability Statistics 

Scale 

Cronbach's 

Alpha12 

Cronbach's Alpha 

Based on Standardized 

Items 

Number of 

Items 

1. Online Banking 

Barriers 
0.792 0.791 5 

2. Budget 

Awareness 
0.7 0.656 5 

3. Personal 

Interactions 
0.65 0.656 4 

4. Age-Related 

Attitudes 
0.6 0.599 3 

                                                           
 

12 The value of Cronbach alpha has been rounded off up to two decimal points. 
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Prior to running multiple regression, the correlation among predicting variables needs to be 

checked. This is especially necessary when all predictors are likely to be highly correlated and/or 

there is a relatively larger set of predictors involved in the analysis. For this reason, multicollinearity 

diagnostics is performed. Multicollinearity exists when two or more predictor variables contain 

much of the same information. Collinearity diagnostics were checked in SPSS to perform regression 

on the variables.  

 

 Model formulation 

With the intention to determine the factors that contribute most significantly towards the 

use of online banking, multiple regression analysis was carried out involving the 4 extracted 

reflective constructs (as independent variables) as discussed above, along with customers’ usage 

score as the dependent variable. In SPSS, factor scores are produced as part of the PCA output. The 

idea behind factor scores is to use them in further multivariate analysis such as regression analyses. 

However, the formula for manually obtaining factor scores is as follows:  

Factor score = loading1∗X1 + loading2∗X2 + … + loadingk∗Xk 

Since the model involved multiple variables responsible for an outcome, multiple regression 

was selected as the most suitable statistical method that allows this flexibility. With the advantage 

of offering a better prediction with multiple predictors involved,  

 

 Multiple Regression  

Multiple regression analysis allows the determination of the overall fit (variance explained) 

of the model, and the relative contributions of each of the variables to the total variance explained 

(Rajab, MatJafri & Lim, 2013). In this case, multiple regression will help in determining how much 

variation in the use of online banking (dependent variable denoted by an index variable) can be 

explained by Online Banking Barriers, Spending behaviours, Branch behaviours and Age effects 

(independent variables found from principal factor analysis). A multiple regression models the 

following:  

Y = β0 + β1X1 + β2X2 + β3X3 + β4X4+ ε. 

Where Y is the dependent variable, β0 is the “Y” intercept (also known as the constant), β1 is 

the slope parameter (also known as the slope coefficient) for X1 (which is the independent 

variable), and so forth, and ε represents the errors. In my study, the regression equation will be 

presented as: 

OB = β0 + b1 FS1 + b2 FS2 + b3 FS3 + b4 FS4+ ε  
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Where OB refers to “Use of Online Banking”, β0 is the regression constant, “b1”, “b2”, “b3” 

and “b4” are regression coefficients of Factor Scores (FS). FS is factor scores and ε is the error term 

of the regression model. In order to compute the Index Variable (to be used as a dependent 

variable in this regression model), sum scores by factor method was applied (Uluman & Doğan, 

2016). This involved summing raw scores corresponding to all items loading on a factor.  

For independent variables or predicting variables, all 4 components were used to obtain 

regression scores. Through SPSS, regression factor scores also known as “component scores” were 

obtained through determining regression weights i.e. multiplying each participant response by the 

respective weights and then adding the products. The below table highlights the variables that 

have been entered and removed in multiple regression model that has been run.  

 

Variables Entered/Removeda 

Model Variables Entered 
Variables 

Removed 
Method 

1 

score 4- age-related attitudes, score 2- budget 

awareness, score 3- personal interactions, score 

1-online banking barriersb 

. Enter 

a. Dependent Variable: Index variable 
 

b. All requested variables entered. 
 

 

The value of multiple correlation coefficient (R) is simply Pearson correlation coefficient 

between the scores predicted by the regression model. It is an indication as to the goodness of the 

model fit with a value that can range from 0 to 1, with higher values indicating a stronger linear 

association. A value of 0.693 in this case, indicates a moderate to strong level of association. R2 for 

the overall model was 48% with an adjusted R2 of 47.6%, a large size effect according to Cohen 

(1988). The value of adjusted R2 means 47.6% of the variance in dependent variables is explained 

by the independent variables.  

 

Model Summary 

Model R R Square Adjusted R Square Std. Error of the Estimate 

1 .693a 0.48 0.476 0.17639 

 

Predictors: (Constant), score 4- Age-related attitudes, score 2- budget awareness, score 3- 

personal interactions, score 1-OB Barriers 
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The Sig. value is .000 as can be seen in the below table, which actually means that p < .0005. 

This is an indication of a statistically significant result. 

 

ANOVAa 

Model 
Sum of 

Squares 
df 

Mean 

Square 
F Sig. 

1 

Regression 12.65 4 3.163 101.642 .000b 

Residual 13.691 440 0.031     

Total 26.341 444       

a. Dependent Variable: Index variable 

b. Predictors: (Constant), score 4- Age-related attitudes, score 2- budget awareness, score 3- personal 

interactions, score 1-Online banking barriers 

 

The results from ANOVA table can be reported as: 

F (4, 440) = 101.642, p < .0005 

Where, 

F indicates that we are comparing to an F-distribution (F-test), 

4 in (4,440) indicates the regression model’s degrees of freedom (df) 

440 in (4,440) indicates residual degrees of freedom (df) 

101.642 indicates obtained value of the F-statistic (obtained F-value), and 

p<.0005 shows that probability of obtaining the observed F-value if the null hypothesis is true  

This means that age-related attitudes, budget awareness, personal interactions and online 

banking barriers statistically significantly predicted OB_total, F(4, 440) = 101.642, p < .0005. 

 

Coefficientsa 

Model 

Unstandardized 

Coefficients 

Standardized 

Coefficients t Sig. 

B Std. Error Beta 

1 

(Constant) 2.687 0.008   320.855 0 

Score 1-Online 

banking Barriers 
0.047 0.008 0.201 5.831 0 

Score 2- Budget 

awareness 
0.102 0.008 0.419 12.18 0 

Score 3- Personal 

interactions 
0.085 0.008 0.346 10.066 0 
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Score 4- Age-related 

attitudes 
0.09 0.008 0.372 10.826 0 

a. Dependent Variable: OB-use (index variable) 

 

The regression equation for this research can be expressed in the following form: 

 

Predicted (OB_total) = β0 + (b1 x OB Barriers) + (b2 x Spending Behaviours) + (b3 x Branch 

Behaviours) + (b4 x Age Effects)  

By ascertaining the values of the slope coefficients and the regression constant from the 

following table, the regression model will be: 

Predicted (OB_total) = 2.687 + (0.47 x OB Barriers) + (0.102 x Spending Behaviours) + (0.085 x 

Branch Behaviours) + (0.09 x Age Effects) 

 

The above coefficients summary shows that all the independent variables in the model, as 

denoted by the factors 1-4, affect online banking use (which was an index variable used in this 

regression modelling). The sign (+) of each coefficient indicates the direction of the relationship 

between the dependent (outcome or response variable) and the independent variables (predictor 

variables) which is positive in this case. As per the rule of thumb, all b coefficients have a p value 

smaller than 0.05 which means they are statistically significant.  

Overall, we found that the online survey provided a means to examine the use of online 

banking in two ways: firstly, as presented in the outcomes of the linear regression, we found that 

customers’ age, gender, income and marital status affects their use of online banking in certain 

ways. A stepwise regression analysis provides an understanding of both significant and insignificant 

variables, that may have a positive or negative) direct or inverse) relationship with different aspects 

of online banking use. Secondly, through the principal component analysis, we find a set of five 

components to be retained that best explains changes to online banking use. Through the multiple 

regression modelling, it is found that all these four factors predicted online banking use, and that 

the effect of budget awareness out of the four factors (the others being online banking barriers, 

personal interactions and age-related attitudes) is more important (t-value: 12.18).  

 

1.11 Revisiting the research questions and hypotheses 

This section details how the current findings address key research questions and hypotheses.  
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 Changes in customers’ banking ways: from traditional to online banking 

Exploring the ways in which customer behaviours have changed since the adoption of online 

banking, a number of insights have emerged that both support and extend existing knowledge about 

customer behaviours in a traditional and non-traditional banking landscape. The first research 

question (RQ1) was: “In what ways have traditional banking customers’ practices changed in the 

online banking environment?” The hypothesis corresponding to RQ1 was: 

H1: There is a positive relationship between convenience (of online banking) and technology 

adoption 

Talking about the first hypotheses, our findings from the survey as well as the interviews shows 

that convenience is definitely one of the most prominent reasons behind customers’ adoption of 

online banking use. This was a qualitative finding that was indirectly inferred from the survey, and 

laid down the foundation of subsequent research. Prior research studied convenience as a by-

product of online banking adoption, where a positive relationship between customers’ perceptions 

of convenience and their use of online banking was highlighted (Gerrard & Barton Cunningham, 

2003; Lassar, Manolis, & Lassar, 2005; Polatoglu & Ekin, 2001; Wang, Wang, Lin, & Tang, 2003). 

Furthermore, Servon and Kaestner (2008) discussed how online banking use over different devices 

have increased the channel’s mobility and accessibility, therefore, resulting in greater convenience 

for the customers. The current study supports prior research findings where a positive relationship 

between convenience and online banking use is clear. This research also supports and provides 

validation to the findings of Vilhelmson, Thulin, and Elldér (2017) and Evdokimova, Shinkareva, and 

Bondarenko (2019), who evaluated and applied the efficiency argument to online banking use, 

suggesting that it saves time, can be accessed anywhere and anytime, and instils a sense of 

independence in customers in performing financial transactions. Hence, this research reinforces a 

positive relationship between convenience and online banking adoption: 

There is a positive relationship between convenience (of online banking) and technology adoption 

 

 Understanding personal characteristics effects on customer behaviour in online banking 

environment  

The second research question and its hypotheses related to the effects of personal 

characteristic variables on online banking use. Our second research question (RQ2 (a)) was: “How 

do different personal characteristics (i.e. age, gender, income, marital status, employment status 

and education) shape customer behaviours in online banking environment?” The first hypothesis 

corresponding to RQ2 was: 

H2: There is a negative relationship between age and online banking use. 
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We have already discussed in sections 5.2.1 to section 5.2.6 how different variables (i.e. 

personal characteristics) shape online banking use, and the specific aspects of customers’ use of 

online banking that each one influences. In relation with the age-related hypotheses, we found that 

customers’ age directly or positively affects online banking use and that except for the need for 

personal interaction, its effects on most aspects of use were statistically significant and positive. 

Therefore, we could not accept our second hypothesis that proposed a negative relationship 

between age and online banking use. From the current findings, it was obvious that as customers’ 

age increases, their exposure to and experience of online banking also seem to extend. This means 

that older people’s use of online banking is positively and directly affected by their age; however, it 

must be noted here that our results did not provide a positive relationship between customers’ age 

and their preference for branch-based customer service. On the whole, we deduced the following 

relationship between age and online banking use:  

There is a statistically positive relationship between age and online banking use. 

 

Next, we established an understanding about the involvement of a customer’s gender as a 

determinant of online banking use. Some intriguing insights about gender were obtained from this 

study. The second hypothesis corresponding to the research question RQ2 was:  

H3: There is a statistically significant relationship between gender and online banking use. 

While the online survey established a clear-cut relationship between gender and online 

banking use, we could not find any substantial relationship between gender and online banking use 

through the qualitative interviews. Using results from our main data collection method i.e. survey, 

we found that men and women differ in their use of online banking, and that important aspects of 

use can be different based on how males and females perceive the usefulness of online banking. 

Taking into account the outcomes from stepwise regression modelling (Table 5 in chapter 4), we 

deduced that gender affects customers’ propensity of using cash instead of cashless transactions 

and their willingness to learn about online banking. Hence, this study finds out that gender 

possesses a statistically significant relationship with customers’ propensity to use cash and their 

willingness to learn about new online banking products and apps. However, we did not find 

supporting evidence for this observation from follow-up interviews. Based on the overall results 

obtained, we deduced the following: 

Gender affects customers’ likelihood of using cash and their willingness to learn new things 

about online banking thereby indicating the existence of a relationship between the two 
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This study also involves an investigation of the effects of education on online banking use. 

The hypothesis corresponding to the research question RQ2 about education was: 

H4: There is a positive relationship between education and online banking use. 

Based on the survey results, we obtained a marginally significant relationship between 

education and recent branch visits and times of online banking use. The validity of these results 

however, are limited since our sample mostly covered respondents who had at least some 

education. Hence, we admit that a further comparison between uneducated and educated 

respondents need to be made to study these effects more comprehensively. The findings from 

qualitative interviews and focus group discussions (i.e. qualitative accounts of study participants) 

acknowledge a relationship between education and openness to learning, which in turn, creates a 

positive effect on users’ online banking adoption and use. Based on these results, we can say that 

in the absence of statistically significant results about education and online banking use, our 

interview insights suggest that the respondents have a reasonable understanding of online banking 

use, and they attribute this understanding to education as an important personal characteristic. 

Hence, we deduce the following in response to the effects of education and online banking use: 

We did not find a statistically significant and positive relationship between education and 

online banking use, hence indicating an opportunity for further investigation. 

In addition to the above deduction, we also find that qualitative accounts of survey 

participants (in the form of interviews) are based on the interactional relationship between 

education and income, and its resulting effects on online banking use, hence the following is an 

important finding: 

We found that education, income and employment status exhibit interactive relationship that 

creates a combined effect on the use of online banking. A clear differentiation of individual effects 

was therefore, difficult to achieve. 

Marital status of online banking users is the next personal characteristic that is studied in the 

current research. The fourth hypothesis corresponding to the research question RQ2 about marital 

status was: 

H5: There is a statistically significant relationship between marital status and online banking 

use. 

Based on the current findings, we observe a positive relationship between changes in marital 

status (from never married to married, or married to not married) and online banking use. The 

biggest reason behind changes due to marital status is noticed in household consumption patterns, 

where changes in marital status affect customers’ needs, resources, spending and savings patterns 

etc. Hence, we conclude the following about marital status:  
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There is a statistically significant and positive effect of marital status on potential adoption and use 

of online banking 

This research also study employment status effects on customers’ use of online banking. The 

hypothesis about employment status corresponding to RQ2 was: 

H6: There is a positive relationship between employment status and online banking use. 

Our findings from the linear regression modelling outcomes did not provide substantial 

effects of employment status on aspects of online banking use except for its effect on user’s choice 

of doing online banking where a positive effect was established. As stated earlier in this section, the 

insights obtained from qualitative interviewee accounts reflected on the interactional relationship 

between education, income and employment status, since the interviewees believed that higher 

education generally leads to a higher employment status and higher income level. However, we 

could not verify this with empirical evidence from our regression modelling. Hence, the following is 

concluded about employment status effects: 

A positive relationship between employment status and customers’ use of online banking was 

established hence indicating employment status as a limitedly affecting variable.  

This research also investigated how household income affects customers’ use of online 

banking. Our investigation of household income suggests that income affects two important 

aspects of online banking: length (duration) of use, and willingness to learn about new offers. As 

discussed in the reflections (section 5.2), household income has limited effects when taken in 

isolation with other variables; however, our results and qualitative findings suggest that it has an 

interactional relationship with gender and education, and that this interaction further affects use of 

online banking in different ways. Based on the current findings, we deduce the following:  

There is a positive (direct) relationship between household income and length of online banking use; 

while it has a negative (inverse) relationship with learning willingness.  

Additionally, the current findings suggest that: 

Income, gender and education interacts with each other in affecting customers’ use of online 

banking. 

 

 Understanding interaction or combination of personal characteristics in affecting 

customer behaviours  

Part (b) of the second research question was aimed at investigating how different personal 

characteristics combine with each other in affecting customers’ behaviours in online banking 
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landscape. The research question (RQ2 (b)) was: “How do these personal characteristics interact or 

combine with each other in affecting customer behaviour?”. In addition to studying the 

individualistic effects of each of the six variables, we also studied how different variables combine 

together in interacting with each other and affecting online banking use as group effect. As 

discussed in the earlier section (section 5.3.2), some variables did not only provide effects on their 

own, but also accompanied different other variables in impacting customers’ use of online banking 

use.  

Based on the current research findings, we deduce two interactional effects which were 

prominent in the findings:  

Employment status, income and education exhibit combined effects on customers’ online 

banking use. 

According to the findings of this research, we find that customers’ perceptions of online 

banking use was closely tied to their education, income and employment status. Our quantitative 

findings exhibit a relationship between the three variables, which otherwise, provide only indirect 

effects. We find that such a link has not been discussed thoroughly in prior findings. Employment 

status effects have been a less-frequently researched area in prior studies (Ameme, 2015; Chawla 

& Joshi, 2018; Gerpott, Thomas, & Weichert, 2013; Islam, 2011); and only a few studies recognized 

its effects in combination with education and income in leading customers towards online banking 

adoption or use. Another combination of variables exhibiting interactive effects on online banking 

use, is given as follows: 

Household income, gender and education affect online banking use by interacting with one 

another. 

Based on current research findings, the income of a household is influenced by shared 

responsibilities between men and women, which exhibits gender attitudes towards running the 

household, and taking responsibilities between themselves. This sharing, as a result, affects the 

combined income levels of the household that is generally linked with their education levels too. 

Prior study by Iddris (2013) differentiates between married and unmarried people’s adoption of 

mobile banking to conclude that it varies because of their attitudes towards mobile-banking, in 

addition to other factors. Here, we can observe marital status effects as married households’ 

consumption and savings behaviours are generally vastly different than unmarried or single 

households (Izogo et al., 2012; Love, 2009). This means that marital status changes and gender-based 
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attitudes disrupt or impact on the income levels of a household, and can affect their attitudes and 

behaviours towards using online banking which is also a result of education-based effects.  

 

 

1.12 Synopsis of research findings 

Data sources used for this research were three-fold: first, focus group discussions were 

conducted to generate ideas and concepts for survey development; second, online survey was the 

main data collection strategy where the sample was selected through snowball sampling method; 

and third, qualitative personal interviews with a subset of survey participants as a follow-up to get a 

detailed insight into individual experiences. Few themes emerged from the four focus group 

discussions, which helped in designing the online survey. Discussants were concerned about the 

arms-length nature of banking services, and emphasized the importance of interacting with bank 

staff at the branch. The other key themes were related to users’ perceptions and concerns about 

online banking security, online banking effects on consumer spending and savings, and comparisons 

between customers’ own use of online banking and their household’s. Based on the insight obtained, 

the online survey was designed to address each perspective in detail.  

We used an online survey as our main data collection instrument. According to the results 

obtained, 96% of the respondents were predominantly online banking “users”. This was an expected 

finding as the survey was mainly targeted to Internet-users. The demographic characteristics showed 

that our average respondent was a 40 to 64 years old female, with either a Bachelor’s and Master’s 

qualification, engaged in full-time, paid employment and had more than $100,001 in annual 

household income. Overall, the results indicated a clear association between demographic 

characteristics and use of online banking by uncovering aspects of “use” that are more strongly 

affected by changes in some personal characteristics than others. Age was one of the strongest 

determinants of customers’ use of online banking, while other factors such as gender, income and 

marital status also demonstrated strong effects. We could not identify education and employment 

status as strong predictors of online banking use. On one hand, while the online survey helped us in 

understanding customers’ usage patterns, it also lent us insight on their perceptions regarding the 

use of online banking, in general. This was one of the advantages of survey development as it 

unveiled aspects of actual use as well as customers’ perceptions. Four dominant reflective constructs 

emerged using a principal component analysis including barriers to online banking use, awareness of 

budget, personal interactions through branch banking and age-related perceptions of use. We then 

performed multiple regression modelling on these constructs and itemized attitudinal statements to 

find how they defined our index variable i.e. online banking. Out of these four, budget awareness 
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was found to be the single-most component which was dominant in defining online banking in the 

survey.  

Qualitative interviews were conducted with twenty-six survey participants to obtain first-

person accounts of their experiences and perceptions regarding online banking use. Hence, the 

interview design was carried out in a manner that it builds on the survey questions, and probe deeper 

into each interviewee’s personal experience. On an average, our interviewees were found to be using 

online banking for a long time, were confident in its use and had a reasonable understanding of how 

it works. Based on the findings, we found that regardless of the demographic differences, customers’ 

motivations for using online banking was mainly convenience-driven. They found that learning online 

banking was intuitive, and hence, easily adoptable.   

 

1.13 Implications and contributions to theory and practice 

This section discussed both academic and practical implications of the study. Academic 

implications present key research takeaways for future research works, which may expand on the 

lessons from this study and take it further. Practical implications are further divided into 

implications for banks and for customers. Bank implications discuss the current study’s lessons or 

recommendations for professional practice, to be used by banks in informing their marketing and 

other strategies. On the other hand, customer implications outline how this research would benefit 

customers as the ultimate users of the researched service (i.e. online banking) but also about how 

this research can help them in understanding how bank-customer relationship works.  

 Academic implications 

In banking literature, the importance of studying demographics or personal characteristics has 

been advocated extensively. Previous studies have demonstrated the effects of demographic 

characteristics on perception formation and perceptual outcomes. Akinci, Aksoy, and Atilgan (2004) 

reports that customers’ demographics helps in defining segmentation variables based on shared 

interests. Since both branch and online banking are closely linked with customers’ perceptual 

outcomes, which are also a significant measure of customer satisfaction, it is imperative that these 

variables and their effects on customers’ financial decision-making are appropriately discussed.  

Academically, this research will help bridge gaps in New Zealand research context regarding 

the demographic effects on customers’ use of online banking. Since New Zealand is a mature mobile 

market, this study will be an important piece of work reporting on adoption and usage rates in New 

Zealand for online banking. The takeaways from this research will contribute to a better and 

improved understanding of customers’ adoption of online banking technologies. The study will help 

academicians and researchers understand how New Zealand’s adoption rates differ from other 
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countries, and what needs to be done to make New Zealand come at par with other markets in the 

banking industry.  This study will help develop a clearer system of requirements and expectations in 

banking and bank marketing disciplines. 

As discussed in the prior research chapter, limited research has been done on this topic in New 

Zealand context in the last ten years. Additionally, the focus of these research works were confined 

to discussing banks’ adoption of technology and how it is enabling them in competing with the 

changing times and market trends. Hence, this research will serve as a latest account of this study in 

New Zealand context and will be an important piece of work about latest technology trends in New 

Zealand banking industry. It will bridge the literature gap and provide a comprehensive overview of 

the involvement of customer behaviours in online banking industry. Obviously, this is only a one-

country account and more research is needed in the future to compare these findings between 

countries. From an Australasian perspective, this research will be an effective step in provoking 

thoughts and ideas on a hot topic. This may compel other researchers from Australasian countries 

to conduct empirical research in the future, focussing on the existent literature gaps in customer-

focussed studies. Online banking is the new standard, as in the words of one of our interview 

participants. To the best of our knowledge, there has been numerous studies about online banking 

but only a few investigated about the drivers of customer behaviours in Australasian region.  

While previous studies mainly dealt with internet adoption as a binary variable (either 

consumers adopted technology or have not adopted it), this research is focused on different stages 

on the adoption and usage continuum involving frequency and intensity of use. With regards to 

literature on technology adoption, limited number of previous researches studied the intricacies 

involved in the ‘actual’ usage of technologies. Most studies focussed on adoption inclination or just 

the initial adoption environment. Again, to the best of our knowledge, limited work has been 

undertaken in New Zealand context. Prior research showed that consumers’ initial beliefs about a 

product may not remain the same during the actual usage stage, or in other words, perceptions alter 

with usage experience (Morris & Venkatesh, 2000; Yang, Lu, Gupta, Cao, & Zhang, 2012). With this 

perspective in mind, this research explores the main reasons behind customers’ use of online banking 

unlike previous research works, which were mostly focussed on service attributes affecting 

customers’ technology adoption.  

 

 Practical implications 

Practical implications for the research are further divided into two parts: firstly, we discuss 

the implications for banking and other financial institutions, who can be directly affected by 

changes in customers’ banking practices resulting from the adoption and use of online banking. The 
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second section discusses the implications for customers being the centre of attention of this 

research.  

 

Implications for banks 

New Zealand bank managers and decision-makers can plan future strategies based on the key 

findings from this study. Firstly, banks should promote online banking advantages over traditional 

banking, to different segments (for example, age-based) whose frequency and intensity of use varies 

due to reasons discussed in this study. In the wake of customers’ adoption of disruptive technologies, 

it is not enough to attract New Zealand users to adopt online banking simply because of an easy-to-

use website. It is also critical that banks address issues of trust and security to increase online banking 

acceptance in New Zealand.  

Though customer acceptance and engagement with online banking has become a key driver 

of technology adoption in the financial sector, empirical studies on the key drivers of customer 

behaviour in the e-banking or online banking industry have been few. Historically, there has been 

some ambivalence as to why banks should make efforts to know their customers beyond what is 

obvious, and whether their personal characteristics can be a good starting point to understand the 

behavioural consequences of using online banking. Through this research, we sought to minimize 

this uncertainty by promoting understanding of customer behaviour and its involvement in bank 

marketing initiatives. We also emphasise a better understanding of the effects of social environment 

on customers’ banking behaviours will help banks in predicting customer choices and preferences. 

As discussed earlier in this study, individual-level data will enable marketers in better analysing 

individual needs and preferences, offering a whole new range of benefits and opportunities to the 

customers. In this case, a mixed research on this topic would be useful not only for the credit unions 

New Zealand (especially New Zealand credit union bay wide whose customers have been surveyed 

and interviewed) but also other financial institutions who are not generally exposed to the results of 

independent, doctoral researchers.  

By taking into account the current research findings, banks can explore how and why certain 

aspects of online banking can be more important for some customers than others hence, 

determining the suitability of their marketing strategies in accordance with the demands and 

expectations of the market segments under focus. In turn, banks and other players in the financial 

technology sector will be in a better position to harvest the benefits of customer-centric processes, 

products, services and solutions. Understanding customer choices, behaviours and attitudes is the 

cornerstone of successful customer engagement and experience. In a hyper-competitive industry, 

banks must be able to anticipate customer needs in order to retain them. Knowledge about customer 
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demographics can help banks in understanding their target markets and its composition. Based on 

the results from this research, banks and other financial institutions can improve their knowledge of 

customers’ decision-making process, and consequences of life-transitions that affects preferences of 

bricks-and-mortar (traditional) or online banking (non-traditional) platforms. Understanding the 

existent divide in the target markets (for example, the divide between males and females, young and 

old etc.) will help banks and other financial service providers in exploring what share of banking is 

done online, how and why demographic groups do banking in ways different than the others, and 

how the gap between offliners and onliners can be reduced. 

While enabling technologies and automation have resulted in a positive relationship between 

the use of online banking and customers’ perceptions of convenience, it also posed learning 

requirements for banks amidst other challenges. Therefore, this research should be treated as a 

reminder for banks to rethink their distribution and marketing strategies which may not be directed 

only to rapid migration of people to online banking and cost efficiencies. Instead, methods should be 

devised for educating customers about newer technologies, increasing awareness about its benefits 

in addressing demographic-specific needs, and seeking ways to foster positive bank-customer 

relationships, customer loyalty and satisfaction.  

 

Implications for customers 

This research discovers an important aspect of customer journey. From customers’ 

perspective, it is essential that they know what they are being represented as, and what the study 

finds about their behaviour and attitude formation. It is also important that customer have some 

idea of how banks take care of customers’ needs and preferences, and why adoption of 

technologies is a critical aspect for banks’ growth and survivability. This may compel the customers 

to share with the bank, their satisfaction or dissatisfaction with the services being offered. This will 

strengthen a system of open communications between banks and their target customers. Hence, 

the current study can help customers see the bigger picture and notice how changes in their 

attitudes are measured in the banking industry.  

This research and prior studies focussed on the idea that customer no longer appreciate 

banking services that did not apply to them - this is a more pressing issue with younger customers. 

In an age where customers demand customized, personal interactions between businesses and 

themselves, it is imperative that banks generate personalized customer experiences keeping in 

mind the changing preferences, tastes and expectations. The new-age customer obviously does not 

want to be lumped in with other demographic segments, and be provided with a one-size-fits-all 

solution. Since every customer demands that businesses treat them in a special way, take care of 
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their needs, and respond to their demands in an effective manner, this presents a challenge to the 

financial sector, as well.  

Customers expect that bank products, apps and services integrate with their real lives. If 

banks struggle meet customer needs in accordance with their life-transitions, they can lose millions 

of customers to another bank or financial service provider. Understanding how the bank-customer 

relationship can work in a pure online environment is essential to developing a clearer system of 

expectations and requirements. This study can be a validation of the importance that banks give to 

their customers. Banks will have to utilize real-time, continuous insights from customer behaviour 

and activity in order to create a better experience for their customers. This will result in better 

ways of interactions between the customer and the banks. Every experience of the customers will 

then serve a learning mechanism by which they will learn more about themselves. 

 

 

1.14 CONCLUSION 

The main aim of this paper was to explore and evaluate the effects of customers’ age, 

income, gender, marital status, education and employment on the use of online banking in New 

Zealand. In the light of the findings and prior research, it can be concluded that customers’ 

demographic profile plays an important role in explaining the frequency of their use of online 

banking and also their intended proposes to use it. The key financial needs of a young and 

unmarried person may be completely different than that of an older person. While there was some 

evidence suggesting that the higher the age of an online banking customer, the more the likelihood 

of their need for personal assistance in a face-to-face, branch setting, more evidence is needed to 

sufficiently back this idea. In the light of the prior research findings and survey findings with 

detailed reflections on customer perceptions and individual experiences, it can be said that 

demographic analysis of potential target markets may not be the only solution for banks to know 

their customers, but it is certainly one of the most vital and crucial ones.  

Prior research review defended the idea that when banks begin to understand their 

customers’ financial needs over different life-cycle trajectories and periods of transitions, they not 

only customize their banking solutions around those needs but also seek to innovate their products 

and services to be able to better serve customers throughout their lives. Knowledge about 

increasing variability of family composition for example, equips bank with substantial knowledge 

about those they serve, placing them in a safer and better position of gaining customer loyalty 

through life-cycle based financial solutions for their banking needs. Future studies should 

investigate about the effects or variability in the effects of both demographic and perceptual 
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characteristics in deriving bank selection, use of banking services, and staying with the bank for 

longer. Future research may also segregate analysis on the basis of different devices used for 

accessing online banking services, to see how customers’ personal characteristics impact their 

choice.  
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